We combine household survey data with event data on the timing and location of armed conflicts to examine the impact of Burundi's civil war on children's health status. The identification strategy exploits exogenous variation in the war's timing across provinces and the exposure of children's birth cohorts to the fighting. After controlling for province of residence, birth cohort, individual and household characteristics, and province-specific time trends, we find that children exposed to the war have on average 0.515 standard deviations lower height-for-age z-scores than non-exposed children. This negative effect is robust to specifications exploiting alternative sources of exogenous variation.
Introduction
During the past 30 years, civil conflict affected almost three-fourths of all countries in subSaharan Africa. Recently academic economists and policy makers have begun focusing on this topic, specifically trying to understand the causes of war and its role in reducing growth and development (Collier and Hoeffler, 1998; Miguel, Satyanath, Sergenti, 2004; Guidolin and La Ferrara, forthcoming) . Several researchers argue that wars do not have negative long-run economic consequences (see Davis and Weinstein (2002) for Japan; Brakman, Garretsen, and Schramm (2004) for Germany; Miguel and Roland (2006) for Vietnam; and Bellows and Miguel (2006) for Sierra Leone). Despite the suffering and deaths caused by these various conflicts, there is limited research that examines the microeconomic impacts of war, although this is slowly changing as data from war regions becomes available (Shemyakina, 2006) . 4 The 1990s were a particularly violent decade in Central Africa's history. Burundi and Rwanda experienced several episodes of mass murder and genocide, and the regional civil war in the Democratic Republic of Congo created an enormous loss of life and socio-economic destruction. Most of the recent work on Burundi focuses on the causes of the latest episode of civil conflict (Nkurunziza and Ngaruko, 2000) , the progression of the crisis (Chrétien and Mukuri, 2000) , the year-by-year political dimensions of the conflict (Reyntjens and Vandeginste, 1997; Reyntjens, 1998) , or the possible solutions to it (Ndikumana, 2000) .
In this paper, we examine the impact of the civil war in Burundi on the health status of children. 5 We focus on chronic early childhood malnutrition and stunting measured by height- 4 The number of people killed in direct violence is often less than the number killed by a conflict's indirect consequences, such as the breakdown of the economic and health systems and the spread of infectious diseases (WHO, 2002; Eck, 2003) . Ghobarah, Huth, and Russett (2003) use cross-country data to assess the impact of civil wars on the loss of life and find that wars "continue to kill people indirectly, long after the shooting stops." 5 Between 1990 and , per capita income in Burundi fell from $210 to $110 leaving Burundi as the world's poorest country. The proportion of people living below the nationally defined poverty line increased from 35 percent to 68 percent, while international assistance declined from $300 million to less than $100 million.
for-age z-scores, and we incorporate the civil war shock in a health production function to examine if and how shocks, such as violent conflict, affect childhood health outcomes for those exposed children. We combine data from a nationally representative household survey (the 1998 Priority Survey carried out by the World Bank and the Burundi Statistics Institute) with event data on the timing and evolution of the conflict between 1994 and 1998. The empirical identification strategy exploits variation in the timing and duration of armed conflict across the provinces of Burundi and the related variation determining which birth cohorts of children were exposed to the fighting (see Suri and Boozer (2007) who use a similar identification strategy to explore child labor and schooling issues). 6 We find that children who were exposed to the conflict have significantly lower height for age z-scores, an effect that is robust to the inclusion of a variety of control variables, time trends, and alternative sample specifications.
Recent research suggests this finding could have serious implications for the future schooling and productivity of these children when they reach adulthood. Alderman, Hoddinott, and Kinsey (2006) use Zimbabwe data and find that improvements in childhood chronic malnutrition (measured as height for age) are associated with a higher number of schooling grades completed. Alderman et al. (2001) estimate the impact of child health on school enrollment in rural Pakistan and conclude that improvements in preschool height for age z-scores are likely to have substantial long-run productivity effects through inducing greater schooling and subsequent productivity gains. Maccini and Yang (2006) and Meng and Qian (2006) find that negative early-life environmental conditions (negative rainfall shocks in Indonesia and China's Great Famine, respectively) lead to worse adult health and socioeconomic conditions.
There is also evidence demonstrating the adverse effects of prenatal health shocks. In research on the Dutch famine during World War II, Stein et al. (2004) examine the impact of prenatal exposure to the famine on body proportions at birth and find that exposure during late pregnancy negatively affected the child's birth weight and body proportions. Stein et al. (2007) have also studied the long-term consequences of the same famine and find that exposure during early pregnancy is associated with a higher risk of adult obesity for women. Similarly, Almond (2006) finds that children who were in utero during the 1918 influenza pandemic experienced lower educational attainment, increased rates of disability, and lower socioeconomic status once they reached adulthood. Following this logic, it is likely the civil war in Burundi will have a long-run welfare impact through its adverse effect on child health which in turn negatively affects schooling, future adult health, and income levels.
The remainder of the paper is organized as follows. Section 2 provides an overview of the history of violence in Burundi and sketches the spatial and temporal event data for the most recent civil war. Section 3 describes the survey data used in the analysis and explains the key variables. Section 4 describes the empirical identification strategy and section 5 presents the main results as well as robustness tests. Section 6 concludes.
Conflict in Burundi

Political History
Civil conflict in Burundi began in 1965, three years after independence from the Belgian colonial administration, when a group of Hutu officers unsuccessfully tried to seize power and overthrow the monarchy. This failed coup led to a purge of Hutu from the army and government and marked the beginning of political exclusion of the Hutu majority by the Tutsi minority. (Lemarchand, 1994) . This massacre of educated Hutus reduced their status to an oppressed underclass and reduced future Hutu opposition for over a generation. Ndadaye, the first democratically elected president and a Hutu civilian, was assassinated by Tutsi army elements in a failed coup attempt, marking the start of yet another civil war.
As news of the president's assassination spread to the rural provinces, Hutu peasants committed large-scale massacres of Tutsi civilians and Uprona Hutus. 9 Chrétien (1997) describes the massacres saying that districts in certain provinces were "almost completely 7 In the intervening years, Colonel Bagaza replaced Micombero in a palace coup in 1976, and then he was ousted by Major Buyoya in another bloodless coup in 1987. Both leaders are Tutsi and from Bururi. 8 The elections resulted in a landslide victory for the opposition party, Frodebu, with 65 of 81 Parliament seats and 64 percent of all votes in the presidential elections (Reyntjens, 1993) . 9 Uprona Hutus are Hutus loyal to the former unique state party, Uprona, and are therefore seen as traitors to the Hutu cause. Consult Chrétien and Mukuri (2000) for an overview of the massacres that followed the coup. (Ndikumana, 2000) .
Spatial and Temporal Intensity of the Conflict
In this analysis of child health, the exact timing and location of the war plays an important role.
We describe the war's evolution through time and space as follows:
• October to December 1993: Failed coup d'état followed by large-scale massacres in the north and center of the country.
• January 1994 to July 1996: Spread of civil war throughout the country (see Figures 1 and 2 ).
• July 1996 to August 2000: Return of Major Buyoya to power after a bloodless coup. Lower civil war intensity in most provinces and signing of the Arusha Peace Accords in 2000. Belgian television (Chrétien and Mukuri, 2000 
1998 Burundi Priority Survey
Data Overview
The Burundi Priority Survey took place between October 1998 and March 1999 and was organized by the Burundi Institute of Statistics and Economic Studies in cooperation with the World Bank. The survey's main goal was to evaluate the country's socioeconomic situation following five years of civil war in order to design an efficient poverty alleviation policy (Republic of Burundi, 1998) . The survey was designed to be nationally representative, but insecurity in the countryside meant certain regions could not be surveyed. The entire province of Makamba was excluded and parts of Bubanza and rural Bujumbura were excluded, leaving a total sample of 3,908 rural households. These rural households have 1,442 children between 6 and 60 months of age. Since our identification strategy exploits the variation in the timing and
12 By late 1998, Makamba was severely impacted by insurgents operating from neighboring Tanzania. Due to the generalized insecurity in Makamba at the time of the survey, no data were collected (Republic of Burundi, 1998) .
duration of the conflict in a given province, we exclude two groups of children from the baseline regressions. We exclude 129 children in Cankuzo and Rutana, provinces that did not experience any armed conflict, and 85 children in Bubanza, Bujumbura Rural, and Cibitoke, provinces in which all children were exposed to the war. In addition, there are 201 children that cannot be used in the analysis since the survey is missing information on either their height or age. This leaves a final sample of 1,027 children between 6 and 60 months of age. 
Health and Civil War Variables
Childhood health status has multiple dimensions that make it difficult to capture in a single indicator. 14 The relevant literature suggests that child height conditional on age and gender can be objectively measured and is a good indicator of long-run nutritional status as height reflects the accumulation of past outcomes (Martorell and Habicht, 1986) . Because the goal of our analysis is to estimate the impact of the conflict (which started in October 1993) on the health status of children in October 1998 (the time of the survey), we focus on the long-run indicator, child height for age. 15 We compute z-scores for each child's height for age, where the z-score is defined as the difference between the child's height and the median height of the same-aged American reference population, divided by the standard deviation of the reference population.
On average, across households in all of rural Burundi, children were more than two standard deviations below the average height for age of an American child. 13 The large number of children with missing height or age information potentially poses a selection bias problem. However, in Appendix A, we explore this issue in greater detail and find that along observable dimensions, included and excluded children are similar. Using regression analysis similar to Fitzgerald, Gottschalk, and Moffit (1998) , we conclude the civil war shock is not correlated with being included in the sample. 14 See Strauss and Thomas (1995) for a review of different health indicators used in the empirical literature. 15 Research has found that children with different racial and ethnic backgrounds follow similar growth curves, so an unusual negative deviation from this growth path can be attributed to insufficient nutritional intake.
To construct the civil war shock variable for the analysis, we examine, based on Figure 1 , whether a specific child was directly exposed to the war during his life. The variable is defined at the province times birth cohort level, (Conflict Province j *Alive During Conflict t ), which allows us to exploit variation across two dimensions: spatial (variation across provinces) and temporal (within each province, the timing of birth and the timing of the conflict). For the baseline regressions restricted to those provinces that all experienced conflict, we only exploit the timing of the crisis and not the comparison between conflict and non-conflict provinces.
However, we define the civil war shock variable in this way since in the robustness specifications, we incorporate the two non-conflict provinces and make use of the spatial variation across regions. Within a given province that experienced war, the civil war shock variable for a child who was born before or during the conflict is coded one, while the variable is coded zero for a child not alive during the war. Of the 1,027 rural children in the baseline sample, 657 were exposed to the civil war during their lives. Table 1 shows the provincial disparities in nutritional status (average height for age z-score) and the incidence of malnutrition. 16 The first salient factor in Table 1 is the magnitude of malnutrition: 58.8 percent of all children in the sample are malnourished with 32.8 percent experiencing severe malnutrition. There is variation across provinces in the level of malnutrition with rates varying from 34.9 percent in Bururi to 77.1 percent in Kayanza. The average heightfor-age z-score in rural Burundi is -2.28, meaning that an average child in rural Burundi has a height-for-age that is 2.28 standard deviations lower than an average American child. 16 The incidence of malnutrition is divided into 3 groups: not malnourished (z-score ≥ -2), moderately malnourished (-3 ≤ z-score < -2) and severely malnourished (z-score < -3).
Preliminary Observations
In Table 2 Panel A, we present, broken down by province, the average height for age zscores for children who are not exposed to the civil war (column 1) and for children who are exposed to the war (column 2). The 657 children exposed to the war have an average height for age z-score of -2.588, while the remaining 370 children not exposed to the conflict during their lives show an average z-score of -1.844. This difference of 0.744 standard deviations is statistically significant at the one percent level. For every province, children exposed to the war have lower height for age z-scores than the children from that same province who are not exposed to the war, and for most provinces the difference is statistically significant at the one percent level. Although these results suggest the conflict had an adverse effect on child health, many factors influence health and we cannot yet conclude this is a causal relationship.
Identification and Econometric Specification
It is well-known that height for age follows a non-linear pattern in developing countries, with older children having worse z-scores than younger ones (Martorell and Habicht, 1986) . Since height for age is a stock variable, reflecting both current and past health investments, older children accumulate a larger deficit during their lives, resulting in lower height for age compared to younger children. Panel B in Table 2 indicates that children exposed to the conflict are older than non-exposed children (40.17 compared to 15.49 months). Therefore, the relationship between conflict and height seen in Panel A may simply reflect that children exposed to the conflict are on average older than non-exposed children. We next present preliminary evidence that the conflict-health relationship is not due to this differential age pattern.
In the second row of Table 2 Panel B, we compare average height for age z-scores for children exposed and not exposed to the civil war but restricted to children less than or equal to 24 months old. The average height for age z-scores for young exposed children is -2.526, while it is -1.824 for young non-exposed children. The difference between exposed and non-exposed young children of 0.702 standard deviations is statistically significant at the one percent level.
The same pattern is seen if the data are restricted to children greater than 24 months old. In the third row of Table 2 Panel B, older children exposed to the war have an average height for age zscore of -2.592, while older children not exposed to the war have an average height for age zscore of -2.065. There is a difference of 0.527 standard deviations between exposed and nonexposed older children and this difference is significant at the ten percent level. These results provide preliminary evidence that the impact of conflict on health is not solely due to older children being more likely to be exposed to the war, as the results within each age category show a large significant war impact on children's height for age z-scores. In the subsequent regression analysis, we control for potential age effects by including year of birth fixed effects.
Related to the non-linear age pattern and its relationship with conflict and health is the role of poverty as a potential alternative explanation for the war-health link. Following Duflo's (2003) argument, older children in poor regions (or households) are shorter than older children in non-poor regions because they accumulate a larger poverty-induced height deficit. Conversely, younger children in poor regions will look more similar in height to younger children in nonpoor regions because they have not had time to develop large height deficits. Therefore, if the war affected mostly poor provinces, then we would falsely attribute this observed lower height for age z-score to the war, when in fact it is due to the region's poverty status.
In the first row of Panel C in Table 2 , we present average height for age z-scores for exposed and non-exposed children in the poor provinces only. A province is defined as being poor if the 1990 pre-war poverty headcount (percentage poor) is above the national average of 36.2 percent. 17 Within the poor provinces, children who are exposed to the civil war have an average height for age z-score of -2.672, while children in poor provinces not exposed to the civil war have an average height for age z-score of -1.939. The difference of 0.733 standard deviations is statistically significant at the one percent level. Similarly, within non-poor provinces, children exposed to the conflict have 0.790 standard deviations lower height for age zscores than non-exposed children, a difference that is statistically significant at the one percent level. These results suggest that poverty is unlikely to be the driving force behind the observed lower height for age z-scores of children in civil war regions.
Several additional pieces of evidence indicate that children exposed to the war were not living in predominantly worse-off provinces. First, in Table 3 , results show a higher percentage of children were exposed to the civil war in the non-poor provinces compared to the poor provinces (68.02 versus 60.96) and the difference across regions is statistically significant at the five percent level. Second, provinces that experienced fighting in the earlier years had lower average poverty headcount rates than provinces that became involved in the war in the later years (31.16 versus 37.99 percent). Third, when the war started in 1994, the first affected provinces (Cibitoke, Bubanza, and Bujumbura Rural) were among the richest in Burundi and were ranked first, second, and fifth respectively in a 1990 pre-war welfare ranking (Republic of Burundi, 2003) . Taken together, this evidence strongly suggests that children exposed to the war were not predominantly in worse-off provinces and that conflict may have had a negative causal impact on their health. In the subsequent regression analysis, we include province fixed effects to control for any potential province differences.
17 Table 1 column 6 presents the pre-war poverty headcount for each province with variation ranging from Karuzi with 66.8 percent of the population in poverty to Cibitoke with a 19.6 percent rate (Bundervoet, 2006) .
The empirical identification strategy can be illustrated by examining the nonparametric relationship between height for age z-scores and the number of months of exposure to the civil war. In Figure 3 , we estimate a kernel-weighted local polynomial regression of height for age zscores on months of war exposure using an Epanechnikov kernel. The figure shows a sharp drop in average height for age z-scores as children are exposed to the fighting. The gap stays roughly constant from 3 to 20 months of war exposure, and then drops further as months of exposure increases beyond 20 months.
To build on Figure 3 and the previous tabulations, we first estimate the following baseline province and birth cohort fixed effects regression:
where HAZ ijt is the height for age z-score for child i in province j who was born in time period t, α j are the province fixed effects, δ t are the year of birth cohort fixed effects, Conflict Province j * Alive During Conflict t indicates a child born in a province that experienced conflict and who was alive during the war, and ε ijt is a random, idiosyncratic error term. 18 The coefficient β 1 measures the impact of civil war on children's health for children who were alive during the conflict and living in regions that experienced this negative shock. In the baseline regressions that are restricted to only those provinces that experienced conflict, identification of the impact comes from comparing, within a given province, children who were alive during the war with those not yet born, and therefore only the timing of the conflict is exploited. This is done because the two provinces that did not experience civil war might be systematically different than those provinces that did experience conflict. In the robustness specifications, we include the provinces that did not experience conflict and are therefore able to also take advantage of regional variation. For 18 Correlation among the error terms of children in a given province experiencing the same shocks might bias the OLS standard errors downward, so in all regressions we cluster the standard errors by birth province (Moulton, 1986; Bertrand, Duflo, and Mullainathan, 2004) .
the robustness regressions, we are evaluating whether children born in conflict provinces in years when fighting was taking place have lower height for age z-scores than their peers born after them, relative to those who are born in other regions in the same year.
The identification strategy is valid as long as changes over time in average height for age z-scores would be similar across provinces in the absence of the war. Specifically, the strategy might be flawed if the timing or duration of the conflict followed a particular pattern in terms of province-level characteristics that are related to changes in height for age z-scores. For instance, if the provinces that experienced the fighting in the earlier years had less educated households and education is correlated with children's height for age, then we would wrongly find an effect of the war, when the negative health impact was really due to education differences across the provinces. In Table 4 , we assign provinces into two categories based on Figure 1 (early and late civil war) and find that along observable dimensions, provinces that experienced fighting in the earlier years do not appear to differ from provinces that became involved in the war in the later years. 19 There are no statistically significant differences across early and late civil war provinces in household-level characteristics (percentage of literate mothers, percentage of head of households with education, and head of household's age and marital status) or child-level characteristics (child's age, child's gender, and percentage exposed to the civil war).
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The baseline regressions do not control for province specific time trends that might influence children's height for age z-scores and could invalidate the identification strategy. To 19 Ngozi and Kayanza (groups 1 and 2 in Figure 1 ) are labeled early civil war provinces since the war started there by January 1995. Ruyigi, Karuzi, Muyinga, Bururi, Muramvya, Kirundo, Gitega (groups 3 and 4) are labeled late civil war provinces as the war did not start there until mid-1995. Bubanza, Bujumbura Rural, and Cibitoke (group 5) are not included in the baseline analysis as all children in these provinces were exposed to the conflict. Results are robust to alternatively putting the group 3 provinces (where the war started in mid-1995) in the early civil war category and leaving the group 4 provinces (where the war did not start until late 1995) in the late civil war group. 20 In results not shown, the two provinces, Cankuzo and Rutana, which did not experience any armed conflict, look similar along these observable dimensions to the early and late civil war regions. The three provinces, Bubanza, Bujumbura Rural, and Cibitoke, in which all children were exposed to the conflict, also look similar along these observable dimensions to the early and late civil war regions.
address this, we estimate the following equation that includes a province trend in addition to province and birth cohort fixed effects (for a similar empirical strategy see Banerjee et al, 2007) :
(Conflict Province j * Alive During Conflict t ) + Province Trend jt + ε ijt (2)
where the variables are as previously defined and Province Trend jt is defined three ways. First, the province trend tests for the presence of a differential time trend across poor and non-poor provinces. Second, the provinces are divided into separate war regions based on the groupings in Figure 1 and we test for a differential time trend across these war regions. Third, we use a more flexible province specific time trend to capture potentially different time patterns in each province. The inclusion of these measures buttresses the argument that changes in average height for age z-scores in these provinces would have been similar in the absence of the civil war. Table 5 presents the regression results for equations 1 and 2. Each regression includes province and year of birth cohort fixed effects and is weighted using survey sampling weights. The variable of interest is the civil war conflict shock that indicates a child born in a province that experienced conflict and who was alive during the war. For these baseline regressions in Table   5 , since all of these provinces experienced conflict at some point during this time period, we only exploit the timing and duration of the crisis and the related exposure of a child to the war. This leaves a sample of 1027 children, of which 657 were exposed to the conflict. Results in column 1 show a strong negative impact of the civil war on children's health. Those children who were exposed to the war have a height for age z-score 0.618 standard deviations lower than nonexposed children, a reduction that is statistically significant at the one percent level.
Empirical Results
Baseline Regressions
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The child development literature suggests child stunting usually occurs between 6 and 24 months of age and is considered permanent, with minimal catch-up growth at older ages (Martorell and Habicht, 1986; Martorell, Khan, and Schroeder, 1994) . As a robustness check to the column 1 regression, we use an alternative conflict shock definition in which only children aged 6 to 24 months old when the conflict occurred in their province are considered exposed to the shock. In this manner, children older than 24 months in a province that experienced conflict are not considered exposed to the war. 22 Results in column 2 are similar to the baseline model with children who are exposed to the war having 0.435 standard deviations lower height for age z-scores, and the coefficient is significant at the five percent level.
In column 3, we include additional household controls in the regression, such as the child's gender, whether the head of household is educated, whether the child is in a femaleheaded household, and the head of household's age and marital status. The coefficient on the civil war shock is unchanged from the column 1 regression and remains significant at the one percent level. Results indicate a strong positive association between height for age z-scores and the child's gender, with girls having improved height for age z-scores. 23 In addition, children in households with educated heads have better height for age z-scores.
24 21 Our analysis is likely to underestimate the conflict's true health effect since we do not have data for children who died prior to the 1998 survey. The reported effects are thus likely to be lower bounds of the true impact and should be interpreted as the war's impact on a child's health, conditional on the child surviving to be recorded in the survey. 22 With this alternative conflict shock definition, 349 of the 1027 children are in this restricted age range and live in a province that experienced civil war. 23 A similar gender effect is also found by Thomas, Lavy, and Strauss (1996) in their analysis of anthropometric outcomes in Côte d'Ivoire, although in their study, the association is weaker. We test for dependency between the civil war shock and gender but the interaction is not statistically significant. 24 The positive correlation between parental education and child health is among the most persistent findings in the empirical literature on child health production functions (see Rosenzweig and Schultz (1982) and Strauss and Thomas (1995) for an overview of this literature).
These baseline regressions provide evidence of a negative causal impact of conflict on children's height for age, controlling for province and birth cohort fixed effects, but these results could be due to omitted province specific trends. For this reason, in columns 4, 5, and 6, we estimate equation 2 and include three alternative province specific trends in addition to province and birth cohort fixed effects. Column 4 presents the results of a regression including the poorregion specific time trend. Results still indicate a large negative impact of the war on children exposed to the conflict, with those children having 0.576 standard deviations lower height for age z-scores, and the result is significant at the five percent level. Column 5 presents the results of a regression including the time trend based on the war region groupings in Figure 1 . Children exposed to the conflict experience 0.551 standard deviations lower height for age z-scores and the coefficient is significant at the one percent level. Finally, in column 6, we control in a more flexible manner for the potentially differential time trend for each province. Controlling for the province specific time trend in this way yields consist results, with exposed children experiencing 0.515 standard deviations lower height for age z-scores, and the coefficient is significant at the five percent level. The regressions in columns 4, 5, and 6 provide the strongest evidence that those children exposed to the civil war experienced a negative impact of the fighting that lowered their height for age z-scores.
Alternative Sample Specifications
For the previous baseline regressions, the province sample has been restricted to only those provinces that experienced war for some portion of the five year time period. This means that the identification of the war impact comes only from the timing and duration of the fighting. In Table 6 , we present a series of robustness specifications based on the inclusion of children from provinces that were previously excluded from the baseline regressions in Table 5 . All of these regressions also include the 1027 children used in the Table 5 regressions.
There are three sets of alternative sample specifications that we estimate. First, in columns 1 and 2, we include the three provinces (Bubanza, Bujumbura Rural, and Cibitoke) in which all children in those provinces were exposed to the war. These provinces experienced conflict from late 1994 until mid-1995 and then again starting in late 1997 until the survey was conducted in late 1998. Therefore, in these provinces there are no non-exposed children. Results in columns 1 and 2 indicate that exposure to the conflict lowered height for age z-scores by 0.543 or 0.545 standard deviations respectively for the regressions without or with province specific time trends.
Second, in columns 3 and 4, we include the two provinces (Cankuzo and Rutana) that did not experience any fighting and so had no children exposed to the war. These two provinces could be systematically different than those provinces that did experience civil war, which is why they were excluded from the baseline regressions. Including them in the analysis allows us to now take advantage of regional variation between conflict and non-conflict provinces. With these provinces included, we are now evaluating whether children born in conflict provinces in years when war occurred have lower height for age z-scores than their counterparts born after the war ended, relative to those children born in non-conflict provinces in the same year. Results in column 3 and 4 are similar to the baseline regressions. Children exposed to the conflict have 0.512 standard deviations lower height for age z-scores in the regression without the province specific time trend and 0.492 standard deviations lower height for age z-scores in the regression with the province specific time trend.
Third, we include the children from the three provinces (Bubanza, Bujumbura Rural, and Cibitoke) in which all children were exposed to the war plus the children from the two provinces (Cankuzo and Rutana) in which no children were exposed to the war. Results in column 5 and 6 are similar to previous results. Children exposed to the conflict experience 0.472 or 0.521 standard deviations lower height for age z-scores and the coefficients are statistically significant at the one and five percent levels, respectively. Results in Table 6 provide convincing evidence of the validity of the identification strategy and the lack of any province-level selection bias in exploiting only the variation across provinces in the timing and duration of the conflict to calculate the causal impact of civil war on children's health status.
Conclusions
The health status of children in Burundi is poor. The average height for age z-score is 2.28 standard deviations below the average American child and 59 percent of all children are moderately or severely malnourished. In this paper, we combine detailed event data about the timing and location of armed conflict with household survey data to examine the impact of the civil war in Burundi on the health status of young children who were exposed to it. The empirical identification strategy exploits variation in the timing of the war across Burundi's provinces and the related variation in which birth cohorts of children were exposed to the fighting. We estimate a standard health production function with cohort of birth fixed effects, province of residence fixed effects, and province specific time trends and find that the civil war had a significant adverse effect on height for age z-scores. Children who were exposed to the violence during their lives have a height for age z-score that is between 0.515 and 0.618 standard deviations lower, depending on the specification, than that of non-exposed children. This causal effect of war on children's health is robust to the inclusion of a variety of household level control variables, different time trends, and alternative sample specifications that exploit the variation in conflict/non-conflict regions in addition to the variation in the timing of the crisis.
The poor health status of Burundian children could lead to adverse welfare effects in the long-run. Recent research based on panel data analysis has shown that chronic malnutrition during childhood (measured by height for age) is associated with substantially less schooling during adolescence, worse adult health, and lower adult productivity. Hence, it is likely that the civil war, by negatively affecting child health, will reduce the future welfare levels of these children.
Appendix A: Potential Selection Bias for Missing Children
The 3908 rural households included in the Priority Survey provide data on 1442 children between 6 and 60 months of age. As shown in Appendix Table 1 , the three provinces in which all children were exposed to the war (Bubanza, Bujumbura Rural, and Cibitoke) and the two provinces in which no children were exposed to the war (Cankuzo and Rutana) are excluded from the baseline analysis. There are 85 and 129 children, respectively, in these two regions, which leaves a total rural sample of 1228 children. An additional 166 children cannot be included in the child health analysis because of missing height data. 25 There are 35 children excluded from the analysis due to measurement errors in either height or age (for instance a height of 775 cm for a 16-month old child).
26 This large number of children (201) with missing information potentially poses a selection bias problem. We use two alternative approaches to evaluate this problem and find consistent results indicating selection bias is unlikely to be a significant concern.
The first approach is to compare the 1027 children who were included in the analysis with the 201 excluded children along as many observable dimensions as possible. Results for this comparison are presented in Appendix Table 2 , which shows the mean differences in covariates for the included and excluded children. The children appear to come from similar types of households, with the percentage of literate mothers, household head's education level, age, and marital status not showing any significant differences across the two groups. Average age and gender of the child also appear to be similar for both groups of children. Finally, the excluded children are no more likely to have been exposed to the civil war shock. Since none of the covariates are significantly different across the two groups of children, this suggests that, at least along observable dimensions, selection effects are likely to be minimal or absent.
The second approach modifies the method proposed by Fitzgerald, Gottschalk, and Moffit (1998) to analyze attrition in a panel data setting. In Appendix Table 3 , we present results of a probit regression analysis where the dependent variable is the probability of being included in the sample. For the 1027 children included in the health analysis, the variable is coded one and for the 201 excluded children, it is coded zero. We examine whether the civil war shock influences the probability of being included in the sample. If the shock has a significant impact on the probability of being included, then the parameter estimates in our subsequent analysis are likely to be biased. In column 1, we estimate the probability of being included in the sample as a function only of the civil war shock, and the resulting coefficient is small and insignificant. In column 2, we add province and birth cohort fixed effects, as in Table 5 , and the coefficient for the civil war shock remains insignificant. Finally, in column 3, in addition to province and birth cohort fixed effects, we include a province specific time trend. The civil war coefficient remains insignificant. From these results, we conclude that the civil war does not have a significant impact on the probability of being excluded from the sample and therefore any selection effects are likely to be small. Notes: Group 5, which includes Bubanza, Cibitoke, and Bujumbura Rural, is not used in the main analysis since all children in these provinces are exposed. Regression results that include these three provinces are presented in Table 6 as a robustness specification. In addition, the provinces of Cankuzo and Rutana did not experience any fighting and these provinces are also excluded from the main analysis since none of the children in those provinces were exposed. Table 6 presents regression results that include these two provinces as a robustness check. Source for the figure is Chrétien and Mukuri (2000) . : insecurity related to civil war Notes: Robust standard errors in brackets. *** significant at 1%; ** significant at 5%; * significant at 10%. The division between early and late civil war provinces is based on the groupings in Figure 1 . Ngozi and Kayanza (groups 1 and 2 in Figure 1 ) are considered early civil war provinces since the war started there by January 1995. Ruyigi, Karuzi, Muyinga, Bururi, Muramvya, Kirundo, and Gitega (groups 3 and 4 in Figure 1 ) are considered late civil war provinces as the war did not start there until mid-1995. Results are robust to alternatively moving the group 3 provinces (where the war started in mid-1995) to the early civil war category. Data source: World Bank and Burundi Statistics Institute 1998 Priority Survey. Notes: Robust standard errors in brackets, clustered at province level. *** significant at 1%, ** significant at 5%, * significant at 10%. Columns 1 and 2 include the 1027 children used in the baseline regressions in Table 5 plus the children from the three provinces in which all children in those provinces were exposed to the war (Bubanza, Bujumbura Rural, and Cibitoke). Columns 3 and 4 include the 1027 children used in the baseline regressions in Table 5 plus the children from the two provinces that did not experience any fighting and so had no children exposed to the war (Cankuzo and Rutana). Columns 5 and 6 include the 1027 children used in the baseline regression in Table 5 plus the children from the three provinces in which all children were exposed to the war (Bubanza, Bujumbura Rural, and Cibitoke) plus the children from the two provinces in which no children were exposed to the war (Cankuzo and Rutana). All regressions include province dummies and year of birth dummies and are weighted using survey sampling weights. Civil war conflict shock indicates a child born in a province that experienced conflict and who was alive during the war. Province specific time trends are included to capture potentially different time trends in each province. Data source: World Bank and Burundi Statistics Institute 1998 Priority Survey.
